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Previous Work

Our Method:

Jointly Learn Continuous Maps over 2 Areas
Multiple Solutions, Even If Correlated
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Optimization Problem

Traditional

constant map

CCRF / FF

one non-constant
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Optimization Problem

minimize Hyperparameter Regularization term
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Optimization Problem

minimize Hyperparameter Regularization term
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Datasets

Meridian and Eccentricity Mapping
256 timepoints

Isolated Objects & Objects in Context
306 timepoints
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V1 - VP Connectivity
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V1 - VP Connectivity
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Left LOC - Right LOC Connectivity
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Left LOC - Right LOC Connectivity
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Jointly Learns Continuous Connectivity Maps

Can Recover Retinotopic Organization
and Anterior-Posterior Differences in LOC

No Specialized Datasets,
Fewer Timepoints than Voxels!

Can Recover Correlated Distinct Solutions

Implementation Available at:

vision.stanford.edu/resources links.html|
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